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“A Neyman-Pearson-like Test for Multi-terminal Hypothesis Testing”

Xt'— 711 >
/ (X", Y"™) ~ Pxy or Qxvy
g +——
yn f > zero-rate communication
2 (eg. send marginal types)
e Hoeffding-like test [Han-Kobayashi 89] e Neyman-Pearson-like test
g
My (P), 1 (P)) M((P), 7 (P)) M) M@(Q), 7" (Q))
AT \
E(6(P)) —
£(07(Q))
\>< Qxy A

¢ Neyman-Pearson-like test has better error trade-off than Hoeffding-like test for finite block length;
e Neyman-Pearson-like test has the same (optimal) large deviation performance as Hoeffding-like test;
¢ |nformation geometric observation [Amari-Han 89] plays an important role.
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