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Abstract: Variational Bayes learning is widely used in statistical models that contain

hidden variables, for example, normal mixtures, binomial mixtures, and hidden Markov

models. Although it is reported that variational Bayes learning of mixtute model has a

phase transition structure which depends on hyperparameters of mixture ratio, the detail

behavior and relation of hyperparameters concerning the phase transition have not yet

known. In the present paper, we experimentally investigate the phase diagram concerning

the hyperparameters by using the Bernoulli mixture and show the guidance to set the

hyperparameters.
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[Theorem1:K.Watanabe,S.Watanabe]
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