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Training/calibration data
(eye images + ground-truth labels)

Input eye image

Gaze Estimator 7

Gaze direction

o 77 FBIRIEE < 75\’5{?{':: e.g., Tan et al,, WACV02]
» EROFEIINYPCc DFE T —FZEBEL TLV:

o \VIBFMKEFOHEseFEI D _LIETETD?

» UTFNDBEZREHN—TB3FFT—Htv bHRE
- AT CICELZEDOINR. AXTICNTIERTDEL. BIAZM - EEBEDIEL.
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Multi-view £d/E dataset [Sugano et al, CVPR'14]
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» 50 A X 160 (16 X 10) HiE A

» 3D reconstruction can be used to synthesize training data
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» 3-fold cross-person validation: £ 7 — 2 TFEE. E£7 — X CTHTE
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12 . — .
B Random forests (proposed)
[ k-nearest neighbours
[ Adaptive linear regression
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7T AN — ZAHAEHETE “in the wild”
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Input image Eye image e

model

3D head rotation r
) 3D face model | | Data / / | Gaze angle
- and Normalisation : vector g

fitting eye location ¢ / 5 %
Face and landmark T i CNN model
detection training/test

Generic face ‘ \

Camera Head angle
parameters vector h |
thf—; DDHEO)@LJ fc6 fc7
2= 7/\ELE —] . Input image '/"' “\‘ fc8

+ 3RTCEERETILD T4y T > m

Convolution ‘ . |

13 Convolutional layers Fully Fully
connected connected

CNNV—=F T 0 F v
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Regression
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Cross-domain evaluation (Training on UT Multiview) Within-domain evaluation (on MPlIGaze)
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Syntheskyes Dataset moodetal, iccvis
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Single eye [39] B iTracker (AlexNet)

[ iTracker [13] B Single face
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f ) Stimuli

Gaze-Shifting: Direct-Indirect Input
with Pen and Touch Modulated by Gaze ,
Wi

Ken Pfeuffer, Jason Alexander, Ming Ki Chong,
Yanxia Zhang, Havs Gel'ersen; Lancaster University, UK \\

{k.pfeuffer, j.alexander, m.chong, v.zhargs, hgellersen|@lancasterac.k
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