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Kaggle News

Merck Competition Results - ‘f;;’fﬂaz 0;‘1‘1; §§§§ N(ETG MEI;';‘;
Deep NN and GPUs come out 1851210 | 0.882 | 0.894 | 0.897 | 0.903
to play 1851 2¢9 | 0.876 | 0.891 | 0.889 | 0.907
Posted on October 312012 by Joyce Noah-Vanhoucke 1851 —2d6 0‘839 0'857 0‘863 0'861

1851 3a4 | 0.871 | 0.896 | 0.895 0.897
o )()I/gaz,fﬁa),;%@/ﬁli,ﬂ:%lu 1915 0.754 | 0.757 | 0.756 0.752

- 2358 0.745 | 0.764 | 0.738 | 0.751
A>F AN —T5—= 463213 | 0.651 | 0.659 | 0.651 | 0.676
S HEES = F— AHVERE 463215 | 0.614 | 0.610 | 0613 | 0.654

488012 | 0.664 | 0.672 | 0.664 | 0.816
[Dahl+ 14] 488915 | 0.700 | 0.713 | 0.723 | 0.873

488917 0.818 | 0.834 | 0.835 0.894

o — 2l ﬁE'J 488918 0.785 | 0.800 | 0.784 0.842
X//\ (L_(j:éE'ﬂs t 492992 0.804 | 0.827 | 0.803 0.829

EERRE IS ST . F"Jé'?é(c- 504607 | 0.673 | 0.670 | 0.684 | 0.670

DLWTCFE<L<DOEAN 624504 0.851 | 0.869 | 0.871 0.889
651739 0.775 | 0.793 | 0.790 | 0.825

651744 0.870 | 0.885 | 0.886 0.900
652065 0.787 | 0.793 | 0.793 0.792
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Assay RF | GBM | NNET | MULTI Community Learning
1851 _1a2 0.915 | 0.926 0.926 0.938 (.9387
1851 2¢19 | 0.882 | 0.894 0.897 0.903 | 0.9413
1851 _2c¢9 0.876 | 0.891 0.889 0.907 | 0.9274
1851 _2d6 | 0.839 | 0.857 0.863 0.861 | 0.8913
1851 _3a4 0.871 | 0.896 0.895 0.897 | 0.9214

AUC values
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