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Feature selection in chemical-protein binding activity space
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Abstract: In this paper, we address the issue of feature selection for chemical genomics.

In particular, we propose an efficient feature selection algorithm for identifying chemical

features that contribute to prediction of binding activity between chemicals and proteins.

Notably, this algorithm allows feature selection in binding activity space, into which chemi-

cals are mapped jointly with proteins by means of kernel methods. We apply the algorithm

to a dataset on Cytochrome P450 (CYP), illustrating its capability of selecting a small

subset of predictive features, which are also found to be indicative of CYP inhibitors. Al-

though this study is directed toward the selection of chemical features within the context

of chemical genomics, the proposed algorithm has the potential to find wide applications

in real-world problems.
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